Business Intelligence

Examples: Patterns,

Strengths, and Pitfalls «
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- Evaluate real Bl examples by the @/ /}9)“———:1_ |
decisions they improve, not tool features o /

@ - Examples span dashboards, self-service, N
embedded, real-time, and industry programs B )i
e } Working definition: processes and technologies
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that collect, manage, and analyze data

- Three lenses: recurring success patterns,
measurable strengths, failure pitfalls

- Roadmap: concepts — value chain — archetypes —
industry evidence — pitfalls = measurement
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CONCEPTS VALUE CHAIN ARCHETYPES INDUSTRY EVIDENCE PITFALLS MEASUREMENT



Definitions and Boundaries:

Bl, Analytics, Data Science, and Embedded Analytics

¢ Blanswers what happened and Business Intelligence and Analytics
what is happening now

® Business analytics extends into why,

,’ o™
what next, and what to do ( % y
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® Descriptive, diagnostic, predictive,

and prescriptive analysis carry

different data and skills needs Descriptive Diagnostic Predictive Prescriptive Data Science
Analysis Analysis Analysis Analysis
accuracy, and access, users explore oy o
their own views What Why did it What is likely What should we What can the data
happened? happen? to happen? do about it? and models enable
® Embedded analytics inherits the : . us to decide or
e : Summarizes past Explores causes Estimates future Recommends automate?
host F_Jro_dUCt s identity and events and and drivers. outcomes and actions and
permissions outcomes. probabilities. optimizes Builds models,
decisions. learns patterns, and
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® Data science begins where statistical bl

modeling and automated decisioning st
are the core work Boundary

Broad access alone does not

::jreate value; governance and IT governs security, 0 ® o Users explore their fhm:edt;led adnalirltugz mi:f[nts
ecision rights do accuracy, and access own views SH0ST PIOCUCL ALY
it ... and permissions



From Raw Data to Decisions: The Bl Value Chain

Sources > Ingestion > Modeling 9 SemanticLayer &  Visualization > Decision > Action

Defines metrics,
dimensions, joins,
grain, and access

1
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' rulesonce, reused ! 0
i. everywhere Ir
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g u 8 &

O Governed & Certified

& ® Value chain: sources - ingestion » modeling -» semantic layer - visualization - decision - action
g‘ ® Semantic layer defines metrics, dimensions, joins, grain, and access rules once, reused everywhere

® (Centralized definitions prevent the same KPI being defined differently across teams

Data quality, latency, lineage, freshness, ownership, and certification are prerequisites, not cleanup
Batch, streaming, and near-real-time trade latency against cost, complexity, and reliability

Al agents must select certified metrics rather than invent SQL against raw tables




@a Pattern 1: Executive and Operational Dashboards

e Examples: executive KPI cockpit,
sales pipeline, service-level,

: EXECUTIVE COCKPIT
cash-flow views

¢ Design from decisions, not data:

® LY a @
name audience, decisions, and III IL/ ‘..‘ ‘ [ B | G

review cadence first

Target

® Keep the primary view tight—five Threshold

to nine decision-relevant metrics, Prior Period /) /) /) - Ny b7 /)

detail via drill-down

Every metric needs context:
target, threshold, prior period,
benchmark, or trend

e Strengths: faster alignment,
single source of truth,
shorter time to decision

e Pitfalls: vanity metrics, dashboard SIGNAL VS. NOISE .
sprawl, audience mixing, stale Focus on what drives decisions.
data, unclear ownership Filter out what distracts.
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Pattern 2: Self-Service Analytics and Data Democratization

- Examples: business-user
exploration platforms, governed
data catalogues, departmental
workspaces

- Build on certified data products
and a metrics catalogue with
single definitions

- Apply security once at the data
layer through row-level and
object-level controls

- Use a promotion path: sandbox
experiments become reviewed,
certified assets

- Domain ownership with central
governance keeps teams fast
and definitions coherent

- Train for data literacy, not just
tool clicks; correct visuals can
mislead

- Pitfalls: duplication, shadow
reporting, conflicting definitions,
low adoption

CERTIFIED
DATA PRODUCTS

D o aalle

SECURITY ONCE 4. PROMOTION PATH:
AT THE DATA LAVER ) SANDBOX TO
- - CERTIFIED ASSETS
) @ ;

SINGLE DEFINITIONS TRAIN FOR DATA
IN A METRICS Q LITERACY, NOT JUST
CATALOGUE e TOOL CLICKS

| AVOID PITFALLS:
DOMAIN OWNERSHIP DUPLICATION,
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Pattern 3: Embedded, Customer-Facing,

and Product Analytics

Examples: embedded SaaS dashboards,
customer usage reports, telemetry views,
partner portals.

Not an iframe with a chart: it is
multi-tenant, a security boundary, a
performance-critical service.

Enforce tenant isolation via signed
tokens and row-level security at the

data layer.

One governed semantic model serves
internal Bl and customer-facing
surfaces alike.

Pre-aggregation, caching, and query
pushdown handle concurrent load
and cost.

Pitfalls: cross-tenant leakage, shared
credentials, brittle embeds, slow
dashboards, uncontrolled spend.
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Pattern 4: Real-Time, Location, and Advanced Analytics

DECISION WINDOW
EVENT STREAM DETECTION Act in Time

Data in Motion ; Spot What Matters

OPERATOR ALERT DECISION DEADLINE
Inform and Contextualize . Race Against Time
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Continuous events from
systems, devices, and
locations

Rules and models evaluate

events to identify signals SPREAMRG NEAR REAL-TIME BATeH
Now Later

Moments

Clear, actionable alert with
context to support decisions

Take action before the
window closes

25N Examples: fraud alerts, logistics and geospatial maps, storm or outage operations views

Real-time BI needs an event-driven pipeline, a clear decision window, and a response playbook

Operators need transparent models and rules so they know when to trust or override alerts o
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8 Geospatial wins come from unifying location, asset, and operational data to cut lookup latency
Strengths: faster response, proactive risk management, and situational awareness
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Pitfalls: latency, false positives, alert fatigue, black-box outputs, and uncontrolled query cost
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Pattern 5: Industry Examples in
Healthcare, Retail, Finance, and Manufacturing

ANUFACTURING

FINANCE

Patient flow, Demand forecasting, Fraud detection, Supply chain visibility,
readmission risk, M ?:fas:)krcti?uizté T risk assessment, I quality yield, loT
PATTERN revenue cycle under omnichanne?margin i compliance monitoring, m monitoring, predictive
LENS HIPAA validation protection audit trails maintenance
@ Holistic view of care e Better alignment of ol Stronger risk posture . Improved quality
s continuum improves /[ — supply and demand \ | /\  and regulatory ~ r~ Y anduptime through
outcomes and 4. [+ + drives margin - J @ confidence with 0 z“--"”_ {  predictive and
STRENGTH - , - 110 i 4 ! N :
LENS operational efficiency I and customer value traceable decisions connected operations
{ Data sensitivity, privacy ]  Legacy systems, siloed L Regulatory scrutiny, 9 OT/IT integration
constraints, and data, and rapid change — model explainability, C' challenges and
P[rEF&I;-L integration complexity in consumer behavior and data governance workforce adoption
! ® Healthcare: patient flow, readmission risk, revenue cycle under HIPAA validation .
® Retail: demand forecasting, assortment, markdown optimization, omnichannel margin protection L
e Finance: fraud detection, risk assessment, compliance monitoring, audit trails » e

e Manufacturing: supply chain visibility, quality yield, loT monitoring, predictive maintenance

e Same archetypes reshape under regulation, data sensitivity, decision cycles, legacy constraints » e

e Benchmark within industry: retail leads Al monetization at 39.7%, manufacturing 17%



Pitfalls Clinic: Why Bl Examples Fail

- Starting point: no clear decision,
no named owner — only a

deliverable

Data: poor quality, ambiguous
definitions, missing lineage,
inconsistent sources

PITFALLS |
CLINIC F ~ Adoption: no sponsor, no
follow-up action, low trust,
spreadsheet workarounds
Decision-Grade
Insight - Technical and cost: fragile
. pipelines, duplicate tools,
unmanaged warehouse spend

® Governance and ethics:
Bl Initiative uncontrolled access, misleading
Signal vs. Noise Enters the clinic seeking visuals, ungrounded Al answers

A clear insight should drive Clarity._ a.lign.ment, and
a confident decision. decision impact.

Extremes both fail: centralizing
bottlenecks; ungoverned
self-service creates metric chaos




Early Warning Checklist: Signals to
Pause, Redesign, or Retire

- Trust signals: meetings turn into
number reconciliation; parallel
spreadsheets contradict the dashboard

- Usage signals: reports created
regularly but rarely opened; no
decision changed this quarter

- Definition signals: KPI definitions %
shift by department; every request Are these _<—1} ;\fg‘ﬁ REDESIGN
needs manual refinement signals present %‘@'

in this report? e— — —/

T&y

- Ownership and governance signals:
no pipeline monitoring; shadow
datasets and exports bypass controls

“—>| @) RETIRE

- Decision test: name a decision
changed by a number someone saw;
if not, fix the upstream question

PATTERN LENS STRENGTH LENS 7 \_  PITFALLLENS

LENS TRIAD: What patterns do these What strengths are worth [ What risks or pitfalls

One report case signals reveal about how N protecting, and what's could lead to poor

viewed three ways this report is used and S working well enough decisions or wasted
trusted? to keep? N effort?




Strengths and Value Measurement:

Proving Bl Impact

- Frame value as time saved, reports THREE-TIER VALUE SCORECARD
automated, risk reduced, cost avoided

30 DAYS 90 DAYS 180 DAYS
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- Three tiers: activation, engagement,
impact — checked at 30, 90, 180 days

Track MAU rate, time to first insight,
ticket reduction, decision speed

- Benchmarks: top-quartile MAU
65-80%; below 25% at 90 days
signals trouble

oooooooooooooooo

- Payback: quick wins in 2-4 months;
enterprise programs 9-18 months

iy PAYBACK ® : >
- State value attribution honestly, WINDOW 2-4 MONTHS 9-18 MONTHS
including qualitative evidence Quick wins Enterprise programs
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Evaluation Playbook: Choosing and Scaling a Bl Example

Ad hoc, inconsistent, costly, Rigid

and hard to trust

Disciplined, aligned, and trusted
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o ¢ Audit Agree Pilot e
' Data Definitions Two Teams :
’ i 1
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Decision to improve, named owner, data readiness, latency, governance, cost, success metric
Match archetype to decision window, user population, security posture, and workflow
Sequence: audit data, agree definitions, model, pilot two teams, then expand

Scale when queues shorten and numbers stay consistent across tools

Stop when definitions are contested, cost runs free, or no metric owner exists

Assess infrastructure, governance, team, culture, and impact before buying advanced capability

008000 .

, slow, gated,
and value-starved

-

STOP SIGNALS

N o
. [ 1s]] Definitions
g /' are contested

®)

Cost runs
free

No metric

O

.

owner exists
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Workshop: Assess a Bl Example

Against the Patterns, Strengths, .
and Pitfalls Library o A y

- Step 1: Pick one example — dashboard, self-service, embedded,
real-time, or industry program

- Step 2: Classify the archetype; flag where it crosses into
data science or automation

- Step 3: Score it — clear decision, agreed metrics, named owner,
data readiness, latency, governance

- Step 4: List strengths with evidence; list pitfalls with
warning signals to monitor

- Step 5: Propose one value plan using adoption, trust,
and decision-velocity indicators ®

- Step 6: Recommend scale, redesign, pause, or retire —
and name an accountable owner ®
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PersonWise - Al digital-human course platform

Scan the code or click anywhere to watch this course live, with voice Q&A

personwise.ai/t/734a3e03/public
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