Generative User Research Tools:
Selection and Workflow Design
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@ Course goal: choose generative Al tools and
workflows that preserve rigor, trust

Definition: Al systems supporting exploratory
research synthesis, ideation, and pattern discovery

Q Scope: exploratory synthesis, not storage or
quantitative collection

g 00 Distinction: not research repositories, survey
platforms, or usability testing suites

Roadmap: market categories, selection criteria,
& workflow integration, quality evaluation,
governance, and a hands-on workshop



Why Generative Tools Matter Now

Adoption is Use across the Synthesis time Growing demand, Human judgment
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Adoption is mainstream: 69% of researchers now use Al (up 19 points)

94% use Al somewhere in their research-to-decision workflow

The bottleneck moved from collection to synthesis: manual write-up slows 32%
Median synthesis collapsed from ~23 hours (2024) to ~47 minutes (2026)

Demand rising: 66% of teams report more demand, only 45% have specialist support

Human judgment is the differentiator: nuance (82%), ethics (80%), framing questions (76%)




Market Landscape: Tool Categories and Capabilities <

Different tools. Complementary strengths. A growing ecosystem for research and insights.
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® Four core categories: Al-moderated interviewing, usability testing,
synthesis repositories, general LLMs

® Synthesis examples: Dovetail, Condens, Marvin; LLMs: ChatGPT, Claude, Gemini

® Emerging fifth: synthetic respondents — Simile, Aaru, Qualtrics Edge,
plus hybrid panels

® Capabilities: auto-coding, theme clustering, sentiment, semantic search,
guote extraction

® Traceability divides serious platforms from general LLMs: verbatim quotes vs. no audit trail



Separating Real-Participant Tools from Synthetic Respondents

Real participant

Human perspective and lived experience

Raw verbatim

y

Synthetic respondent

Al persona that responds in place of humans

Traceable chain from insight back to raw verbatim

Al-moderated interviews run
real humans with adaptive
follow-ups

Synthetic platforms generate
Al personas that respond
in place of humans

Real-participant methods
deliver interview-grade depth
at survey-grade scale

2026 consensus: synthetic users
aid hypothesis generation,
not decision-grade research

NN/g found synthetic responses
too shallow for most activities

A fluent persona generator is
an ideation aid, not a research
record



Selection Criteria: A Durable Evaluation Framework

e Evaluate against four principles that outlast specific tools.

ZERO-
RETENTION
IN CONTRACT

Privacy

Privacy: demand
zero-retention in
contract, EU/EEA
residency, sub-processor
list.

BETTER CHOICES
LONGER IMPACT

Transparency

Transparency: require
model version
disclosure and advance
change notice.

Ccsv JSON

Export: confirm
raw-data export in
standard formats
(CSV, JSON).

Reproducibility

Reproducibility: run
same analysis twice;
log prompts and
model versions.




Governance Scoring: Weighing
Vendor Risk Before You Sign

PN Score vendors across six
governance dimensions

: Vendor Governance Scorecard
before you sign

Governance Dimension Vendor A Vendor B

Data governance carries 2 o
@} the most legal weight: ' '
training, residency, deletion

=) Audit logs must be tamper-
~Q  evidentand exportable;
SR 11-7, EU Al Act

A A score of 1 in audit/logging
/-  ordatagovernanceis o~
a blocker : 1.8

with compensating e
Overall Score controls H

3.2 with compensating

|II controls is defensible;
1.8 with no plan is not



Mapping the Workflow: From Data to Insight
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Planning _, Collection . Preprocessing . Al Analysis Validation u Reporting
Human Human Human Human Human
checkpoint checkpoint checkpoint checkpoint checkpoint

@ Six-stage exploratory workflow: planning, collection, preprocessing,

: - o . BETTER
Al analysis, validation, reporting QUESTIONS
BRING CLEARER

@ Al adds most value at transcription, first-pass coding, clustering, INSIGHTS
summarization, hypotheses |

® Human judgment owns interpretation and prioritization, not the model

® Human-in-the-loop checkpoints are structural: sample code review,
theme approval, evidence validation

® Order of work: objectives, process, prompt framework, then model and data

® Continuous discovery breaks per-study tooling: favors always-on intake platforms




Human-in-the-Loop Design
Patterns That Hold Up

Researcher

proposes codes

Researcher curates
the codebook; model
applies and proposes —
human stays the
director

Shared Excerpt

Disagreement
analysis surfaces

new codes and refines
theoretical constructs

i _
[

Productive

Model
proposes codes

E

Ground LLM verdicts
within £0.15 of
deterministic scores
to constrain
hallucination

Every alert:
plain-language finding,
drift warning,
actionable suggestion,
human override

HUMAN JUDGMENT TURNS LANGUAGE INTO MEANING

disagreements
surface new codes

PEOPLE
GUIDE
BETTER AI

o

Codebook

Shared, lockable
foundation for
consistent coding

Guardrails: forced
evidence citations,
lockable codebook,
saved prompts,
immutable edit history



Evaluating Output Quality: Metrics and Failure Modes

Core theme metrics Common Failure Modes in Al Outputs
.ll accuracy, coverage, coherence,
actionability, plus Cohen’s kappa Hallucinated sources Overgeneralization
alignment 9 Plausible-sounding 9 Broad claims that ignore
citations or references important context
Recurring failures A Gl S
A hallucinated sources,
overgeneralization, missing nuance, Missing nuance Training-data bias
training-data bias @ Oversimplified answers e Outputs that reflect or
that leave out key details amplify biases from the

or trade-offs. training data.

fluent output can be wrong —
automated judges approved up to
47.9% of verified failures / -
~ Evaluation illusion

a Evaluation illusion

Desi hoi tt ™ Fluent output can be wrong —
€sigh choices matter N automated judges approved up to
o model identity dominates variance; EVALUATION ILLUSIO 47.9% of verified failures.

rating scale shifted bias up to 0.93

points
e, Validationthatworks e Ahalysie A o
[ )] triangulation, inter-rater reliability, and validation i

expert review, continuous Raw verbatim Insight

feedback loops



RESPONSIBLE Al
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Governance, Ethics, and
Compliance Obligations
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Informed consent
must name Al
processing and
third-party systems

RIEQIRILE

DATA

TRUST

BETTER INSIGHTS

B T

!

De-identify
participant data
before Al processing;
verify deletion
support

* EUAI Act
Artucle 50

l

EU Al Act Article 50:

disclose Al before
the first question
(live 2 Aug 2026)

l

Emotion inference
from voice or face
triggers separate
disclosure duties

Keep employee
research aggregate-
only; label synthetic
data as synthetic




Implementation Roadmap for Research Ops

From readiness to measurable impact

o Assess Standardize o Pilot a (.1 Measure
Readiness One Workflow Bounded Case " and Scale
|
|
| |
@ Assess readiness @ Start with one @ Pilot one bounded @ Define acceptance @® Change management @ Measure cycle time,
before buying: data standardized workflow — case through the full criteria before the pilot is the main work: synthesis hours saved,
maturity, team skills, recruitment and research-to-decision starts: citations, training, Al data-use and insight reuse —
infrastructure, scheduling — then cycle format, escalation time policy, reassurance not seat counts

governance expand

PE@RIEES=2PROGESSY =B EIFEE RAIN SIIGHITS



Shifting Skills and the Future of the Researcher Role

From Insight Producer ...

Role shifts from insight
producer to strategic
business partner

Writing your judgment
down makes tacit quality
standards explicit

&8

87% use Al, saving ~11 hours weekly —
but only 13% see real org gains

... to Strategic Business Partner

Skills that compound

prompting

e %
 V ;

evidence hygiene data ethics

output auditing

35% see the role A simple research foundation

becoming more strategic;

33% more blended )
Post-it note
Watch: multimodal
analyS|s_, real—tlme ——— Keyword
synthesis, agentic e —
research assistants
Research
repository




Workshop: Selecting a Tool and Designing a Workflow
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Exercise 1: score one tool
against privacy,
transparency, export,
reproducibility — plus the
six-dimension governance
scorecard

©

Exercise 2: map your
workflow, mark Al entry
points, add human-in-the-
loop checkpoints at every
synthesis step

A3
1,

Exercise 3: draft a
governance checklist,
including the Al disclosure
for EU participants, before
the first question

Exercise 4: define 2-3
quality metrics for
Al-generated themes and
the threshold below which
output is rejected

Group activity: critique workflow designs against peer scorecards,
then commit to one change for your next study



PersonWise.

PersonWise - Al digital-human course platform

Scan the code or click anywhere to watch this course live, with voice Q&A
personwise.ai/t/70cd3618/public


https://personwise.ai/t/70cd3618/public?entry_surface=public_courseware_pdf

